An interactive web application has been designed to provide an easy-to-use interface to visualize the results and the maps of the main paper and the Supplementary Information ( Figure S1 ). The source code of the interactive web application 1 can be downloaded from 2 . Figure S1 : Screenshot of the interactive web application.
Influence of scale on the biogeographical regions delineation
In order to assess the impact of the spatial resolution on the results, we also applied the analysis with a grid composed of squares of lateral size l = 10 km ( Figure S2 ). The spatial coherence, defined as the ratio between the number of grid cells in the largest patch and the total number of grid cells [1] , is displayed for both scale in Table S1 . 
Comparison of OSLOM to standard clustering methods
In this work, bioregions are delineating using the community detection algorithm OSLOM applied on a weighted undirected spatial network whose intensity of links between grid cells are measured with the Jaccard similarity coefficient. This algorithm is nonparametric in the sense that it identifies statistically significant communities with respect to a global null model, and therefore the number of communities does not need to be defined a priori. In order to assess the accuracy of the method, we compared the results obtained with OSLOM with the ones obtained with standard hierarchical clustering methods. Not that these standard methods cannot be directly applied on the spatial network described above, we first need to transform the network into a dissimilarity matrix. Three different agglomeration methods have been tested: average (UPGMA), mcquitty (WPGMA) and Ward 1 . To choose the number of clusters, we used the average silhouette index S [2] . For each cell g, we can compute a(g) the average dissimilarity of g (based on the Jaccard index in our case) with all the other cells in the cluster to which g belongs. In the same way, we can compute the average dissimilarities of g to the other clusters and define b(g) as the lowest average dissimilarity among them. Using these two quantities, we compute the silhouette index s(g) defined as,
which measures how well clustered g is. This measure is comprised between −1 for a very poor clustering quality and 1 for an appropriately clustered g. We choose the number of clusters that maximize the average silhouette index over all the grid cellsS = ∑ n g=1 s(g) n. UPGMA and WPGMA failed to detect any coherent partitions, most of the grid cells were gathered in a giant cluster component even increasing significantly the number of clusters. Better results were obtained with Ward's method. The average Silhouette index as a function of the number of clusterS is shown in Figure S3 . Two optimal partitions have been detected with the average Silhouette index. It is interesting to note that the number of clusters of the second partition is the same that the one automatically detected with OSLOM ( Figure S3 ). A map of the eight optimal bioregions obtained with Ward's method is display in Figure S4 . In order to compare the two partitions a contingency between the partitions obtained with Ward's method and OSLOM is shown in Table S2 . . For a given cell, J1 represents the average Jaccard similarity index between this cell and all the cells that belong to its cluster, and J2 represents the average Jaccard similarity index between this cell and all the cells belonging to the second closest cluster (based on the Jaccard similarity). 
